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@ Other chances

* A global threshold is
fast and easy, but it does
not take into account
that there may be
intrinsic differences in
the time-series that
could affect correlations

» A way to avoid this, itis
to pass somehow to a
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@ Surface Temperature Data -

SA'l data
of
Barcelona

Cycle \/

SAT
anomalies
(SATA)

QQuestion: Can we find any influence of the solar cycle in SATA?
Can the average connectivity be affected by this influence?
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Climatic Regions of Synchronous
solar cycle, can be identified by
persistence of lag patterns
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& A wide point of view
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@ Classical Method

P (ICCI>T)
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Results: Classic Way
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@ I .ocal Liinks Abundance

Cross Mutual
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Zcro Lag Links
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@ 1" Pruning :Fixed 'T'hreshold
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Results: Fixed "1 hreshold
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We discarded all MI/MIOP-4 and MI/MIOP-1 and MI/MIOP-2
unless that contemporary CC-3 or CC-4 (& vice versa)




Results: Comp. Filt.
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@ Conclusions

We do not see any clear influence of lag time
introduction. Why?

* "I'he changes act on little values of time-series
statistical similarities and they are very slight.

* Moreover the changes seem not to be far away
from a random enhancement, due to slow
varying similarity measures with arbitrary lags.
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